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OBJECTIVES

- Define Al and ML. and describe how Al Agents
differ from traditional digital tools and early
generation Al-tools.

- Evaluate the opportunities and risks of
integrating Al agents into primary care
workflows.

- Apply a practical framework for leading Al
adoption in family medicine.

- Review the importance of family medicine
clinicians helping frame Alimplementation in
clinical settings.




A BRIEF

CRASH COURSE ON
ARTIFICIAL
INTELLIGENCE

(GIVE ME 5 MIN TO FLY THROUGH)
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ALGORITHMS

A set of steps that a computer can take to
accomplish a goal. Algorithms underlie

all forms of Artificial Intelligence.
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Adult Cardiac Arrest Algorithm (VF/pVT/Asystole/PEA)

CPR Quality

* Pushhard (atleast 2inches
{5 cm)l and fast (100-120/min)
and allow complete chest recoil
* Minimize interruptions in

 compressions.
* Avoid excessive ventilation,
* Change cCompressor every
2 minutes, or sooner if fatigued.
* I no advanced airway, 302
compression-ventilation ratio.
* Quantitative waveform

capnography

~ I PETCO, is low Or decreasing,
reassess CPR quality.

Shock Energy for Defibriliation

* Biphasic: Manufacturer
recommendation (eg. initial
dose of 120-200 Jkif un

« Epinephrine IV/I0 dose:
1 mg every 3-5 minutes
Amiodar

\ mg/kg.
CPR 2 min Second dose:0.5-0.75 mglkg.
* Epinephrine every 3-5min

Advanced Alrway

* Endotracheal intubation or su-
praglottic advanced airway

* Waveform capnography of cap-
nometry to confirm and monitor
ET tube placement

* Onceadvanced airway inplace,
give 1 breath every 6 seconds
(10 breaths/men) with continu-
ouUs chest compressions

Return of Spontaneocus
Circulation (ROSC)

= Pulse and blood pressure
* Abrupt sustained increase in
CPR 2 min PETCO, (typically 240 mm Mg)
SRR . ) * Spontancous arterial pressure
* Treatreversible causes roven With inice- srtadion

Reversible Causes

* If nosigns of return of
spontaneous circulation
(ROSC).goto 10 or 11

* IfROSC. goto

Post-Cardiac Arrest Care




ARTIFICIAL INTELLIGENCE

“[The automation of] activities that we
associate with human thinking, activities such

as decision making, problem solving, learning”
e Bellman, 1978
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Finding A means you have Diagnosis B
If you see Finding A on the EKG, you likely have Diagnosis B



Finding A means you have Diagnosis B
If you see Finding A on the slide, you likely have Diagnosis B



STRUCTURED VS UNSTRUCTURED DATA

Sex Age SBP DBP HR 02 Temp  Sepsis?
M 22 122 72 58 99%  98.8F N

Patient X is a 22 y/o male presenting today feeling ‘sick’ for three days.
He has a BP of 122/72, HR 58 bpm, and 99% O2 sat.
He is currently afebrile and is presenting to clinic to discuss.



MACHINE LEARNING: TRAINING DATA

Sex

< T <L

Age
22
62
53
53
o4
58
65

SBP
122
134
145
164
100
92
143

DBP
72
O
/6
883
65
47
97

HR
58
/8
60
14
86
113
101

02

99%
98%
98%
96%
98%
85%
95%

Temp
08.8F
9Q9F
99.1F
98.9F
100.4F
101.2F
101.8F

Sepsis?

< < < Z Z Z Z



MACHINE LEARNING

Sex Age SBP DBP HR 02 Temp Sepsis?

F o4 100 65 80 98% 1004F Y
58 92 47 113 895% 101.2F Y
M 65 143 97 101 95% 101.8F Y

N



DEEP LEARNING

Output

INnput



THE AGE OF
ARTIFICIAL
INTELLIGENCE
TOOLS



Poll: How are you using Al in your practice?
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AGE OF THE Al
AGEN'T



What is an Al Agent?

Software that perceives its environment,
reasons through complex goals,
and takes multi-step actions
using external tools to achieve objectives
with minimal human supervision




What is an Al Agent?

An Al Agent has three core functions:

1. Perception (Input)
2. Reasoning (Thinking)
3. Action (Output)




OPPORTUNITIES FOR
FAMILY MEDICINE



OPPORTUNITIES

Burnout Reduction
Access Expansion
Population Health

Equity Potential







RISK OF BIAS




LET'S USE AI TO FIND A CEQ!

4/23/2026



Judy Faulkner Kenneth Lay
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4/23/2026
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LEADING THE CHANGE:
WHAT FAMILY PHYSICIANS
SHOULD DO NOW

The world is shifting and those who adapt and
innovate will be the ones to lead the way.
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DIFFERENT LEVELS OF ACTION

- If physicians don't shape this, industry will




THANK YOU

Ghoddusi@OHSU.edu




IBM
History of Al

Forbes
Brief Hx of Al



Al Scribe Free Trial

Dr William Hersh

Trustworthy Al in Biomedicine
and Health Lecture




AAFP Al in Family Medicine
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